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Abstract. This paper presents a process of enrichment and generalization 
for automatic demarcation of primary paths through a complex stream 
network, in support of data production for the U.S. National Atlas. The 
primary path delineation forms the basis for a reduced scale version of hy-
drography appropriate for base and thematic mapping at smaller scales. 
Advantages of producing 1:1million scale National Atlas data from 1:24,000 
source data are to provide a higher source of accuracy for the National Atlas 
data, to improve data currency, and to establish feature-level linkages be-
tween source and target scale databases, in preparation for transitioning 
national hydrography datasets into a multiple representation database 
(MRDB) framework. 
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1. Introduction 
Hydrography comprises a commonly included vector layer in topographic 
base mapping. Because it is highly sensitive to scale change, hydrographic 
data generalization has emerged as a primary focus among cartographers, 
hydrologists, and agencies that produce geospatial data for use at multiple 
scales. Challenges encountered when generalizing hydrography include 
preservation of flow direction, logical reflection of channel hierarchy, hori-
zontal integration (maintaining connectivity among channels and polygonal 
waterbodies), and vertical integration with other data layers, for example 
terrain contours and transportation networks.  This paper reports a genera-



lization experiment for a hydrographic network that relates to preserving 
channel hierarchy.   

To minimize data maintenance and integration, the United States Geologi-
cal Survery (USGS) is working to automate generalization of its most detai-
led datasets to smaller scales to support multi-scale display and delivery of 
these data. This includes generalization of the high-resolution (HR) layer of 
the National Hydrography Dataset (NHD), which is compiled at 1:24,000 
(24K) or larger scales (1:63,360 in Alaska). The HR NHD has been under-
going updates over the past several years to improve the data and add detail 
in areas. However, many areas are covered with legacy data compiled over 
numerous years with differing conditions. Consequently, the HR NHD layer 
is a multi-scale dataset with compilation variations that are evident in 
areas. 

The HR NHD data does not include a specific attribute that identifies pri-
mary stream paths through the flow network. Primary paths are cartogra-
phically important at larger scales, to establish connectivity among water 
polygons and flowlines and in so doing, to preserve horizontal data integra-
tion. At smaller mapping scales, a generalized primary path may substitute 
for the entire network. Stream order is one metric commonly utilized to 
delineate primary paths (Merwade et al 2005). Other prioritization me-
thods that have been used for streams or river basins are the Pfafstetter 
system (Verdin 1997), watershed area (Ai et. al 2006), or upstream draina-
ge area (Stanislawski 2009). Given the multi-scale condition of the HR 
NHD, UDA prominence estimates are being used for the HR NHD because 
UDA is normalized by area and better suited for flow networks with compi-
lation inconsistencies. The experiment extends previous database enrich-
ment to build cartographic centerlines (Anderson-Tarver et al 2011, 2012). 

The primary objective of the research reported here is to generate an auto-
matic workflow to delineate primary paths in production of a generalized 
version of 1M National Atlas hydrography, and assess the degree to which 
the set of primary paths generated from 24K data reflect existing National 
Atlas content and geometry. 

A second question to be considered in this paper relates to linking data ver-
sions produced at source and target mapping scales. The obvious advantage 
relates to improving the efficiency and consistency of data updates. The 
development and adoption of Multiple Resolution Databases or MRDBs 
(Kilpeläinen 1997) builds upon Gruenriech’s (1985) dual database architec-
tures of Digital Landscape Models (DLM) and Digital Cartographic Models 
(DCM), intended to provide versions of vector data for mapping at multiple 
scales and for multiple purposes, with feature-level linkages maintained 
between versions (Sarjakoski 2007). One of the most compelling obstacles 



to a fully operational MRDB is the work involved to establish linkages 
among feature representations previously archived within isolated data-
bases. Ideally, multiple representations should be linked during initial 
compilation, or at least the smaller scale versions should link back to larger 
scale versions. For National Mapping Agencies that maintain very large 
volume databases (terrabytes or pedabytes of data), the task of combing 
through and associating individual features has obstructed production of a 
fully operational MRDB for many decades. By generalization from the larg-
est scale hydrography available, a 1M version can be produced with feature-
level linkages automatically carried from the 24K data into the generalized 
database. 

2. Data Set 
The NHD represents natural and human-made surface water features for 
the United States. Two versions are distributed by USGS: the HR NHD and 
the medium-resolution layer, which is compiled from 1:100,000-scale 
(100K) source data. A third version of hydrography has been derived from 
the 100K data and simplified to 1M for use in the USGS National Atlas® 
(Gary et al. 2010). The current experiment will generate a version of 1M 
data from the 24K source, to accomplish several objectives, namely to utili-
ze a source dataset of higher positional accuracy than the 100K data. The 
24K data is updated more frequently than the 100K, which will give the 
experimental 1M data improved currentness. A third advantage of using 
24K source is to transfer permanent feature identifiers from the largest sca-
le NHD to the smallest, providing feature level database linkages automati-
cally to the National Atlas data. 

The study area involves 36 hydrographic subbasins spanning a 140,172 km2 
largely agricultural region in the central United States (Figure 1). The land-
scape is generally flat or hilly but not mountainous, with precipitation run-
off values ranging from 261 mm per year in the eastern tip (near the Iowa-
Missouri border) to 19 mm per year in the drier western edge, in central 
Nebraska (Wolock and McCabe 1999). The average elevation rises steadily 
east to west, ranging from 200 meters above sea level to 1200 meters.  Ter-
rain is level in the northeast part of the study area, with an elevation stand-
ard deviation of roughly 2-5 m for 5km cells), rising to 13-33 m along the 
Missouri river bluffs between Iowa and Nebraska, and becoming varied in 
the central and western portions of Nebraska (7-23m standard deviation in 
elevation).  Land use in the eastern half of this region is mainly machine- 
cultivated agriculture, and in the western parts it transitions to livestock 



ranching. Elevation and standard deviation values are based on 5km aver-
aging of 1:250,000 3-arcsecond DEMs. 

 

 
Figure 1. A portion of the existing 1:1 million scale National Atlas hydrography, 
generalized from 100K NHD data is situated within thirty-six HUC8 subbasins and 
five HUC4 subregions, comprising the study area for this experiment.    

The subbasins vary in stream channel density;  in HUC4 #0710, larger scale 
hydrographic data show artifacts of a large glacial moraine, but this evi-
dence is not apparent in the 1M data shown in Figure 1. Differences in drai-
nage density are however apparent in three western subbasins, especially 
those within HUC4 #1021, and more subtle differences appear in subbasins 
within HUC4# 1023. 

3. Generalization Processing  
For the experiment, data will be enriched, ladder pruned and simplified to 
100K. Primary paths will be delineated and then simplified to 1M.  Resul-
ting generalized channels will be conflated with existing National Atlas 
channels shown in Figure 1, to assess the generalization by comparing total 
stream length, average segment lengths, and establishing the extent to 
which these comparisons deviate across the study area. 



3.1. First Step on the Ladder: Generalization of the 100K LoD 
The 24K data must be enriched prior to pruning and simplification.  Data-
base enrichment adds attributes to source scale data that support data 
characterization, local density estimation, algorithm and parameter choices, 
and vertical and horizontal data integration (Bobzien et al 2006, Steiniger 
and Weibel, 2007, Neun et al. 2008, Buttenfield et al., 2011). Enrichment 
for this experiment includes an estimate of upstream drainage area (UDA) 
for each stream channel, providing a relative prominence characterization 
for each feature. Others have used stream order or total upstream channel 
length (Thompson and Brooks 2000, Savino et al. 2011) to generalize 
stream channels, but these values are sensitive to inconsistent channel 
compilation, which does exist within the 24K NHD layer. UDA prominence 
estimates are normalized by area and are better suited for flow networks 
with compilation inconsistencies. Ai et al. (2006) also simplify a river net-
work using watershed areas estimated through Delaunay triangulation. 
UDA estimates for the HR NHD are derived from Thiessen partitioning of 
catchments for each flowline feature (Stanislawski 2006). 
 
Stream densities are calculated from the upstream drainage estimates, and 
stratified to guide adaptive pruning which maintains local density varia-
tions in the 100K LoD (Stanislawski and Buttenfield 2011). Partitioning has 
been used by other researchers to differentially process areas with different 
data densities (Bobzien et al. 2008, Chaudhry & Mackaness 2008, Stani-
slawski 2009) and to monitor isolated (point) objects over time and space 
(Downs 2010).  Density strata were identified for the 36 subbasins, with 
upper limits averaging 0.0774, 0.7515, 1.3141, 4.5542 and 5.0843 km per sq 
km respectively. Most subbasins were characterized by stream densities for 
the lowest density categories (1,2,3). 
 
Pruning involves elimination of confluence-to-confluence stream segments 
while preserving network connectivity. Pruning is stratified to different 
thresholds to preserve local density variations and maintain visual contrast 
in densities for the generalized data.  Thresholds for pruning are guided by 
a variation in the Radical Law (Töpfer and Pillewizer 1966) which computes 
a change in stream channel density instead of a change in the number of 
stream channels. Radical Law values are computed for each density strata 
in each subbasin, and the values are adjusted by computing an “expansion 
factor” that compensates for the size of the scale jump (Buttenfield et al. 
2010, 2011).  

Flowlines were simplified to 100K using Wang and Muller’s (1998) Bend-
Simplify algorithm with tolerance thresholds of 70m for the lowest density 
classes, and 50 m for all other strata (Figure 2).  Flowlines in the 100K LoD 
display show that channel density differences are still apparent.  



 

Figure 2. A portion of the 1:100,000 generalized NHD hydrography, generalized 
from HR NHD data. Differences in stream channel density are still apparent in this 
ladder step generalization. HUC4 and HUC8 boundaries are symbolized as in Figu-
re 1. 

 

In particular, one can see the toe of the glacial moraine in the eastern most 
HUC4. One can also visually distinguish between natural stream features 
and human-made features (e.g., irrigation canals and ditches) in the center 
of the display immediately west of the Nebraska-Iowa border. Water poly-
gons were simplified in a two-stage process that eliminated smaller poly-
gons on scale-dependent minimum area criteria developed specifically for 
NHD (USEPA and USDOI 1999), and simplified boundaries of remaining 
polygons. A check insured that waterbody polygons connecting stream 
channels were retained regardless of size, to preserve network continuity. 

 

3.2. Second Step on the Ladder: Generalization of the 1M LoD 
Reiterating from the problem statement above, the second ladder generali-
zation will transform the 100K LoD to a level of detail appropriate to 1M. As 



before, the processing will involve a sequence integrating pruning, elimina-
tion and simplification. Conventional pruning is not applied in creating the 
1M LoD however because it tends to eliminate stream channel headwaters, 
which are considered significant components for a number of applications 
of National Atlas data. Instead, primary paths will be delineated using the 
100K LoD which run from pour point to headwaters.  The primary path 
network will be further processed to simplify and eliminate details, thus 
creating a 1M LoD. 

The problem in accomplishing this step is that an attribute delineating pri-
mary paths is not incorporated into the HR data (and therefore not availab-
le in the 100K LoD), because of the expansive spatial footprint, which 
covers roughly 55,000 24K topographic map sheets for the coterminous 
United States, and  because of the frequent and irregular update cycle, 
which for pragmatic reasons cannot be applied comprehensively to the na-
tional scale database. Primary paths cannot be derived from raster DEMs 
for this experiment, as the channels and reach codes must match HR NHD 
flowlines to link features in the two databases; thus primary paths must be 
delineated directly from the 100K LoD.  

The primary path delineation first selects stream channels on the basis of 
the UDA attribute computed during enrichment.  Channels which drain 
more than a specific percentage of a subbasin’s total area are selected as 
primary path stems. For this experiment, a UDA threshold value of 1.5 per-
cent was determined to generate a set of stems that most closely match the 
existing National Atlas stream network. The algorithm then runs a shared 
node trace upstream from the top of each UDA-selected stem to its headwa-
ters, and this complete set of channels forms the network of primary paths. 
(Figure 3). Inspecting the figure, one will see that stream channel density 
differences are no longer apparent.  These primary paths provide the 
pruning step in production of the 1M LoD. 

Simplification of the primary path network to a level of detail appropriate 
for a 1M mapping scale involved analogous processing to the first ladder 
step, except that a single simplification tolerance of 500m was applied to all 
stream channels, since local density differences were no longer apparent.  
Waterbody polygons were also simplified to 500m tolerance, and smaller 
polygons were eliminated according to the same minimum area criteria 
described above. 



Figure 3. Primary paths delineated from the 100K LoD. HUC4 and HUC8 
boundaries are symbolized as in Figure 1.   

4. Validation 
Visual comparison of the 1M generalized stream network with the National 
Atlas hydrography shows some differences in flowline channels and water-
bodies (Figure 4). The 1M LoD was generalized from source data compiled 
at 24K, a scale four times larger than the source (100K) for the National 
Atlas data, so the additional channels and water polygons is not surprising. 
Channels which appear in the National Atlas data but not in the 1M LoD 
(examples circled in the figure) are characterized by low UDA values and 
were pruned during generalization of the 100K LoD, prior to delineation of 
a primary path. 

The 1M generalized stream network was also compared with the existing 1M 
National Atlas data by means of conflation analysis. A conflation metric 
called the Coefficient of Line Correspondence (CLC) was adapted by Stanis-
lawski et al. (2010) from a measure for areal feature coincidence discussed 
by Taylor (1977). CLC measures the proportion of flowline summed lengths 



which match in the LoD and the benchmark with respect to the summed 
length of all channels. Perfect correspondence gives a CLC of 1.0; and a total 
mismatch between the two data sets is indicated by a CLC of 0.0. The CLC 
value aggregated over the 36 subbasins is 0.7760, indicating that more than 
¾ of the confluence to confluence stream channels in the 1M LoD match 
corresponding channel positions in the National Atlas. 

Figure 4. A portion of the 1M data generalized from 24K source (on the left) com-

pared with the National Atlas data generalized from 100K source (on the right), 
displayed at 1:1,000,000. The portion shown lies in the northern part of two 
HUC4’s (#0710 and #1023, labeled in Figure 1). Red circles indicate locations 
where the National Atlas incorporates channels not evident in the 1M LoD. 

To explore the spatial pattern of line feature correspondence, a grid of 200 
cells was overlaid over the study area to sample line features and compute a 
CLC value for each cell.  Grid cell CLC values are weighted by the amount of 
area in each cell which contains any line features at all.  The aggregate 
weighted CLC totals 0.7899 for the entire study area; and the gridded valu-
es are illustrated in Figure 5. Extremely low CLC values are evident around 
the edges of the study area, and low values can also be seen in the western 
drier part of the study area, where hydrographic channels become quite 
sparse. 



Figure 5. Weighted CLC values for grid cells covering the 36 subbasins that con-
flate the 1M LoD primary paths with the existing National Atlas stream channels 
illustrated in Figure 4. CLC values are expressed as percentages, i.e., the highest 
value in the legend reflects a weighted CLC of 0.6609%, relative to the amount of 
area in each grid cell covered by stream channels. 

5. Summary  
This paper explains the processing mechanics for producing a 1M LoD of 
NHD vector data from HR source data, for use in the USGS National Atlas.  
Three advantages are gained by using HR data as source.  First, the general-
ized data carries improved positional accuracy compared to existing Na-
tional Atlas hydrography, because the HR data is compiled to a more pre-
cise standard than the 100K data which serves as source data for the cur-
rent version.  Second, the 1M LoD carries identical feature identifiers, 
which link the 1M LoD with HR source at the feature level.  Feature level 
linkages provide an important prerequisite to production of a fully opera-
tional MRDB, which has proven to be a challenge for USGS data production 
in past years. 
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